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Discrete vs Continuous states

Temporal Difference (TD)
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Discrete Space vs Continuous Space
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and control

Model Free Prediction and Control
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Function Approximation (Use Deep Neural Networks)
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Convolution

S YR

end-to-end learning Q(S,a) from pixels S
input state: 4 stacked raw pixel frames
32 8x8 filters with stride 4 + ReLU

64 4x4 filters with stride 2 + ReLU

64 3x3 filters with stride 1 + ReLU
fully connected 512 units + ReLU

fully connected output units, one per action
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[Source: Mnih et al., Nature 2015 (DeepMind) ]
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